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Chinese	Text	Project	(ctext.org)
• Largest full-text	digital	library of pre-modern Chinese
– 25 million pages of scanned primary source texts
– 5 billion characters of transcription
– Used daily by 25,000 people

• 2005-2013: primarily	static database
• 2013-present: major	dynamic components

• Originally:	centrally	edited	and	maintained
• Now:	primarily	maintained	by	crowdsourcing
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ctext.org as	digital	infrastructure

• Key	components:
– Optical	Character	Recognition
– Crowdsourcing	system
– Application	Programming	Interface

• Example	use	cases:
– Searchable	database	of	texts
– Scalable	transcription	tool
– Repository	for	data	mining
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Digitization

• Scanning	historical	materials	relatively cheap
– Established	technology
– Storage	&	processing	costs	decrease	exponentially

• Scanned	images	for	conservation	of	material
– Access	to	material	(e.g.	online	image	browsers)
– No	risk	of	damage	to	rare	or	unique	objects

• Large-scale	scanning	projects	undertaken
– E.g.	Harvard-Yenching:	5	million+	pages
– Even larger	scanning	projects	in	Mainland	China
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Static	versus	dynamic
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The Long Tail
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Database	size
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Database	usage
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User	contributions
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Domain-specific	OCR

• Leverage	domain	knowledge
– Language,	writing	conventions
– Existing	transcriptions,	text	reuse,	other	editions

• Easier	problem	=>	more	accurate	results
– Compare	with	e.g.	Google	Books	OCR

• Enables	image	search	&	basis	for	transcription
– Frequent	use	=>	more	opportunities	for	correction
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ctext.org vs	Google	Books
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ctext.org vs	Google	Books
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Google	books	scan ctext.org OCR	result	(unedited)



Dynamic	approach:	advantages
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• Imperfect	data	can	still	be	useful
– E.g.	OCR-derived	text	enables	full-text	search



Dynamic	approach:	advantages

• Scans	can	be	matched	to	existing	transcription
– Errors	limited	to	minor	alignment	errors
– Punctuation	and	structure	preserved
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Dynamic	approach:	challenges

• User-submitted	content	may	be	incorrect
– Need	simple	way	of	visualizing	&	verifying	any	edit
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Dynamic	approach:	challenges

• Typically	need	“human	readable”	serialization
– Can	be	simplified	using	task-specific	visual	editors
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From	database	to	platform

• Enable	use	as	transcription	&	annotation	tool
– Image	and	textual	data	can	be	uploaded	by	users
– OCR	results	can	be	corrected	collaboratively
– Future:	semantic	markup,	translation,	etc.
– Full-text	data can	be	exported	via	API

• Time	and	effort	invested	is	preserved
– Corrections	also become	part	of	public	database
– “Long	tail”	of	non-mainstream	material	available
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Psychological	factors

• Creating	new content	vs	
correcting	incorrect content

• Unpredictable	response	vs	
instant	gratification

• Incremental	improvement	vs	
all-or-nothing	approach
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https://xkcd.com/386/



OCR	+	Crowdsourcing
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Task-specific	visual	editing	tools
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Collation	of	crowdsourced	data
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CTP	API	Overview

• CTP	URNs
– Unique	identifier	for	each	edition	&	chapter	of	a	text

• JSON	API
– Extract	machine-readable	data	from	ctext.org
– Textual	data,	metadata,	etc.

• Plugin	system
– XML	description	of	how	to	connect	to	another	site
– Allows	users	to	connect	ctext.org to	other	projects
– User-definable,	sharable,	automatically	updated
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Plugins	(User	Perspective)

• Point-and-click	installation	within	ctext.org
• Point-and-click	installation	from	3rd party	site
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API	and	Plugins
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APIs	in	Teaching
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APIs	in	Teaching
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APIs	in	Teaching
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Conclusion
• OCR	&	crowdsourcing	allow	access	to	long	tail
– Obscure	texts	many	of	which	are	untranscribed
– Infrastructure	helps	users	help	themselves

• Side	effect:	their	efforts	benefit	everyone	else	too
• API	access
– Machine-friendly	interface	enables	new	use	cases
– Allows	use	in	many	workflows
– Streamline	DH	teaching	and	research

• Avoids	dilemma	of	toy	examples	vs	data	wrangling
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ctext.org
More	information:

dsturgeon.net/ctext
Practical	introduction:


